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Remote sensing observations (to assess interannual variability) were
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Interpretation and Conclusions

Interpretation of Forest results - GPPuy = 0.225+ Tmax P Pouy=

| The Standardized Precipitation-Evapotranspiration Index (SPEI) was the best predictor of
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* Attemperatures above 18.21° C, daily
Tmax is negatively correlated to GPP

Ten Ameriflux sites across Southwest ecosystem types
were chosen
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* Agreement between model results and flux data depended on ecosystem type
* Grassland model and flux data disagreed
* Good agreement between models and flux data in forests and shrublands
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* When daily Tmax is above 18.21°C,
variation in GPP is largely determined
by daily soil moisture (r=0.65)
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* The coupled approach (remotely sensed observations and in situ flux measurements) has the
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